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Figure 3: Architecture of the News Environment Perception Framework (NEP).
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Gaussian Kernel Pooling
input:The similarity list.
output:c-dimensional vector.(c is the number of Gaussian kernels)
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mu = tensorize(kernel mu).repeat(n,1)

Gaussian Kernel Pooling

input:The similarity list.

output:c-dimensional vector.(c is the number of Gaussian kernels)
sigma = tensorize(kernel_sigma).repeat(n,1)

import torch

import numpy as np

kernel_mu = np.arange(-1, 1.1, 0.1).tolist()
el s = 2R A e o sim values = tensorize(sim values)
ZERO = le-8

sim values = sim values.repeat(k,1).T

kernel features = torch.exp(-8.5 * ((sim values - mu) * sigma)**2)

t i , dt=torch.float): .
ensorize(arr ore oat) kernel features = torch.sum(kernel features, dim=8)

if type(arr) == list type(arr[@]) == torch.Tensor:
return kernel features

arr = torch.stack(arr) normalize(kernel features):

kernel sum = torch.sum(kernel features)

return torch.as_tensor(arr, device=torch.device('cuda'),dtype=dt) kernel features /= (kernel sum + ZERO)

return kernel features

gaussian kernel pooling(sim values):
sim list = (-1 + 2 * np.random.random(108)).tolist()
k, n = len(kernel mu), len(sim_values)
caussian _kernel pooling output = gaussian kernel pooling(sim list)

return tensorize(torch.zeros(k)) aussian_kernel pooling output_nonormalize = normalize(gaussian_kernel pooling output)
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